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The Improving Strategy on Robust Smoothing Algorithm

LI Xin, SUN Mao-heng

( Department of Information and Communication, Tongji University, Shanghai 201804 )

Abstract Excellent smoothing algorithm should be able to deal with images corrupted by noise and has the capability of pre-
serving detailed information. Robust filtering is a very easy algorithm, but it has disadvantages that it cannot filter images
which are highly corrupted. In this paper, both the traditional robust filtering and its existing improved algorithm are analyzed
and realized. Meanwhile, a new adaptive robust filtering is proposed. Based on platform MATALB, comparing the proposed

algorithm and these existing algorithms proved that this new algorithm can work properly when images are highly corrupted and

preserve image details better than those present algorithms.
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Fig. 1 Two images with 5% and 40% salt-pepper

noises respectively
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Fig. 2 The results of traditional and the

other improving algorithms
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Tab.1 Comparison of effects of the proposed algorithm

and the existing robust filtering algorithms
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Fig. 3 Two images with 30% and 60%

salt-pepper noises respectively
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Fig. 4 The results of different algorithms filtering
noise images with 30% ,60% salt and pepper
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Tab.2 Comparison of effects of the proposed algorithm
and the other three popular filters
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